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Drug Interaction

FDA reports that adverse drug interactions could kill more
than 100,000 patients in the US every year.
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The cost of preventable adverse drug events would be as
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* Source: U.S. Department of Health and Human Services + Source: FDA, McKinsey
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CASTER assigns high coefficients to
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CASTER has the best predictive performance across two
datasets against state-of-the-art baselines. Meaning
that it captures the mechanism of drug interactions.

Model Dataset ROC-AUC PR-AUC F1
IR BIOSNAP 0.802 4+ 0.001 0.779 £0.001 0.741 £ 0.002
DrugBank 0.774 4+ 0.003 0.745 4+ 0.005 0.719 4+ 0.006
Nat. Prot BIOSNAP 0.853 +0.001 0.848 £0.001 0.714 + 0.001
‘ DrugBank 0.786 + 0.003 0.753 4+ 0.003  0.709 4 0.004
Mol2Vec BIOSNAP 0.879+£0.006 0.861 £0.005 0.798 £ 0.007
DrugBank 0.849 +0.004 0.828 +0.006 0.775 4 0.004
MolVAE BIOSNAP 0.892 +0.009 0.877£0.009 0.788 £+£0.033
DrugBank 0.852 4+ 0.006 0.828 +0.009 0.769 4 0.031
DeepDDI BIOSNAP 0.886 + 0.007 0.871 £0.007 0.817 £ 0.007
DrugBank 0.844 4+ 0.003 0.828 +0.002 0.772 4 0.006
CASTER BIOSNAP 0.910 £ 0.005 0.887 £0.008 0.843 £+ 0.005
DrugBank 0.861 +0.005 0.829 +0.003 0.796 4+ 0.007
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